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Abstract We consider the d(>3)-dimensional Gaussian lattice field confined between two
hard walls. We show that the field becomes massive and identify the precise asymptotic
behavior of the mass and the variance of the field as the height of the wall goes to infinity.
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1 Introduction and Main Results

Letd >3, Ay =[—N,N]¥ N Z“. For a configuration ¢ = {Pr}reny € RA~ | consider the
following massless Hamiltonian with quadratic interaction potential:

_ 1 RN
Hy (@) = o WZAN# (6 — )%
[x—yl=1

The corresponding Gibbs measure with 0-boundary conditions is defined by

1
Pr(d) = -~ expl—Hy($)) [ do: [] sotdgo.

xeAy XEAN

where d¢, denotes Lebesgue measure on R and Zy is a normalization factor. By summation
by parts, this coincides with the law of the centered Gaussian lattice field on R*¥ whose co-
variance matrix is given by the inverse of a discrete Laplacian on A y with Dirichlet bound-
ary conditions outside A . The configuration ¢ is interpreted as an effective modelization
of a random phase separating interface embedded in d + 1-dimensional space and the spin
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¢, at site x € Ay denotes its height. This model is called a lattice free field or a harmonic
crystal. One of the important property of this model is that the field has the following long
range correlation:

™[]~ —
el ~ T aslxl > o,

where P, denotes the thermodynamic limit of Py, namely the law of the centered Gaussian
field on RZ with covariance matrix (—A)~!, A is a discrete Laplacian on Z¢. Because of
this strong correlation the field exhibits many interesting behaviors, especially under the
effect of various external potentials (wall, pinning, etc.) and its study has been quite active
in recent years (cf. [9, 15] and references therein).

In this paper, we discuss the property of the field under the condition that the field lies
between two hard walls. The corresponding event is given by

Wr(L)={¢:|p.| <L foreveryx e Ay}.

This problem was originally investigated by Bricmont et al. [5] as a simplified model of
commensurate/incommensurate transitions. They showed that under the two walls condition
the field becomes massive and the following large L asymptotics holds if d > 3:

e Probability (free energy):
1 o2
_WlogPN(WN(L)):e oD, (1.1)

for every N > Ny(L).
e Mass (inverse correlation length):

1
lim — — log E™%[gope] = e O, (1.2)
[x[>o0 x|
e Variance:
0 < Varp, (o) — Var,e () < ™7, (1.3)

where POLo denotes the thermodynamic limit of the conditioned measure Py (-|Wy(L)).
The notation O (k) denotes a function such that c_k < O (k) < ¢,k for all large k and some
constants 0 < c_ < c; < oo independent of k.

Remark 1.1 Actually, [S] also studied the lower dimensional cases d = 1,2 and asymptotic
behavior of quantities above are different in these cases. See Remark 2.3 below. [15, Sect. 4]
gives a nice review about this topic.

In the previous paper [13], we gave the precise asymptotics of the free energy and the
right hand side of (1.1) is e~ 26 L*0+°M) where G = (—A)~'(0, 0). The path behavior under
Py (- Wn (L)) was also studied in that paper. The main aim here is to make refinement
of mass (1.2) and variance (1.3). For mathematical rigorousness of the proof, we treat the
following slightly modified model: let Ty be a d-dimensional lattice torus with size 2N
(we identify N and —N in Ay) and consider the following Hamiltonian with quadratic
interaction potential and self-potential:

1 1
Hyn@ =25 D @0 +5m’ 3 #r.

{x.y}CTy xeTy
[x—yl=1
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Py is the corresponding Gibbs measure on R7¥ with periodic boundary conditions and
POLo,m denotes the thermodynamic limit of the conditioned measure Py, (- |[Wr, (L)) where
Wry (L) ={¢ : |¢:| <L forevery x € Ty}. Note that the family of conditioned measures
automatically satisfies tightness.

The reason why we consider this modified model is that we would like to use “chess-
board estimate” for the proof of the lower bound of mass. For such an estimate, we need
“reflection positivity” of the field and this property holds only under periodic boundary
conditions (cf. Sect. 2 of [8]. See also a recent review [1] about this technique). How-
ever, since our Hamiltonian enjoys a continuous symmetry: Hy (¢) = Hy (¢ + ¢) for every
c € R, the corresponding Gibbs measure is not well-defined under the periodic boundary
conditions. Therefore we put mass term %mz > Ty qbf to our original Hamiltonian Hy (¢)
and defined the Gibbs measure corresponding to Hy ,,(¢) with periodic boundary condi-
tions.

Now we are in the position to state the main result of this paper:

Theorem 1.1 Let d > 3. For every § > O there exists Lo = Ly(8) > O such that for every
L > Ly it holds that

1
“L‘E?f%“li‘éf{ — log B [¢0¢lkzj]} > ¢ it (1.4)
1
lim sup lim sup{ % log EP%m [P0zl } < 6‘7(%76)L2, (1.5)
m—0 k—o0

forevery z€ S = {z e RY; |z| = 1} and
liminf(Varp,, (g) — Var,g (g0)} = e” 61, (16)
where [kz] is the integral part of kz, componentwise. Also, if d > 5 then we have

lim sup{Varp,_ (¢) — VarPoLo_m (P0)} < e_(%_E)LZ. (1.7)

m—0

We stress that in this result the mass term of the Hamiltonian serves only to replace the
0-boundary conditions and to make the model well-defined. It is well-known that once we
put the self-potential %mz erTN @2, the field becomes massive and the mass vanishes as

m— 0:
1
klirglo{—zlog EPoom [¢0¢[kzl]} =m(1+o(1)),

for every z € ! = {z e R%; |z| = 1} where Pw.m denotes the thermodynamic limit of
Py m, the law of the centered Gaussian field on R’ with covariance matrix m? — AL
Theorem 1.1 means that by the confinement effect, the mass does not vanish even though
we take the limit m — O and this implies that the massless field becomes massive by two
hard walls. The result also identifies precise large L asymptotics of the mass and variance.
The critical behavior of this type for massless Gaussian field was studied by [2] and [4] in
the case with §-pinning instead of two walls. [4] identified the precise asymptotics of mass
and variance as the strength of pinning goes to 0.
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Next, we explain our strategy of the proof. The proof of the lower bound of mass is based
on a combination of random walk representation of correlation of the field by Brydges-
Frohlich-Spencer [6] and reflection positivity, in the form of chessboard estimate. Actually
this strategy is similar to that of [6] and they showed the exponential decay of correlations
with rough estimate of mass. This type of argument was also used for the §-pinning case
by [2]. The ingredient of our proof is that we know the precise asymptotic behavior of the
free energy. By combining the strategy of [6] with an estimate derived from the asymptotics
of the free energy, we can obtain the precise lower bound of the mass. The proof of the
upper bound is also based on the random walk representation. Especially, an estimate on the
number of multiple points of pinned random walk plays an important role in the argument.
Variance estimate is proved by a modified argument to the proof of mass estimate. We re-
mark that our proof fairly differs from that of [5] which is based on the technique of field
theory and some of their arguments have difficulty to follow.

Finally, we give some remarks about the result.

Remark 1.2 Since our model (random walk representation) does not have suitable sub-
additive property, unfortunately we have not obtained the existence of the limit

limy o0 {— 1 log E™%m [goyic 1)

Remark 1.3 Random walk representation of [6] holds only for the Gaussian setting. Hence
we cannot apply our proof to the non-Gaussian case. With regard to our problem in the non-
Gaussian setting, only probability estimate of Wy (L) is known by [14] in the context of
massless fields with strictly convex interaction potentials.

The rest of this paper is organized as follows. We give the proof of the mass lower bound
(1.4) and upper bound (1.5) in Sects. 2 and 3, respectively. The proof of variance estimates
(1.6) and (1.7) is given in Sect. 4. We remark that throughout this paper below, C represents
a positive constant which does not depend on the size of the system N, height of the wall
L and mass m but may depend on other parameters. Also, this C in estimates may change
from place to place in the paper.

2 Lower Bound of Mass

In this section, we prove (1.4). At first we recall Brydges-Frohlich-Spencer’s random walk
representation (cf. [6, Theorem 2.2]) which is applied to our setting.

Lemma 2.1 It holds that

) , 1\ [ ERLGEY)
et 1= 3 (o) [ g
:0—x N.m

where the primed sum represents a summation with respect to paths of simple ran-
dom walk on Ty connecting 0 and x. For a path w, |w| denotes its length. ,(d¥) =
]_[ZerN n(z,0)(dYr;) is a product measure, [, is a measure on [0, 00) defined by

So(dt) ifn=0,

e It = 0)dt ifneN.

Mn(dt) = {
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n(z, w) denotes the total number of visits of site z € Ty in the path w. Also,

EX LW = Pyl @2 + 2 V. < L? forevery z € Ty
N,m m2+1 sm z m2+1 i — ’
ENm = BN.m(0) = PyuWry (L))

Since the interaction of our Hamiltonian determines from the difference of the height of
the neighboring sites and we consider the model with periodic boundary conditions, reflec-
tion positivity holds with respect to all reflections which are parallel to each axis. Hence we
can use chessboard estimate and we have

1
2 2 TNT
=L 2 2
._ANym<m2 n 11#) < | | Py (qﬁz + e lllfy < L-forevery z € TN> .

yeln

Note that the right hand side is a product of the probability of confinement between two
walls and the height of the wall is spatially homogeneous. Then,

I, = / ENan Gt V) "fj*‘w) Ho(d)

SN m

Pyw (@2 + gy S L Ty)\ Tt
/1—[ ( N (P; + — ;l%< or every z € N)) |Mw(dw)
yely N,m(WTN(L))
2 3 .
=TT [ en (o (2 7)) 1)
= [ ak.n 1000,
yeIn

Now %%/,m (0)=1and q,f,,m (n) is decreasing in n (cf. the proof of Theorem 4.4 of [6]). Hence
we obtain

s T b =@k,

yeln
n(y.w)zl

where g5 ,, = ¢ ,,(1) and R(®) = {z € Ty: n(z, w) > 1} is the range of the random walk
path . Combining this estimate with Lemma 2.1,

1 2] "
E™Nn[gogy | Wry (L)] < Z (m) (611%/,m)|R( )l

w:0—x

St S o

w:0—x

lwl=k

We have the following estimate for ¢ ﬁ,m The proof is given later.
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Lemma 2.2 There exists a constant C > 0 such that for every § > 0, we have

2
hmsuqum <1-Cie (g +OL ,

N—o0

for every L large enough and every m > 0, where G,, = (m> — A)~'(0, 0).

By this lemma and (2.1), taking the limit N — oo (if necessary along the subsequence),
we obtain

(o)

L 1 k
En(gug,] < Z<m2——1—1> Eoll (e = x)(1 - ply041]

k=0

k
D Bl (T =D (e = x)(1 — ph)"or]
=0

l

vy Sl

Z Eol1 (T, =1)(1 — pE)mori 1By (i, = 0)
k=l
= GEol(1 — pl)monl],

where p,ﬁ = Clef(ﬁﬂmz, {nk}r>0 is a simple random walk on Z¢ and o0,k denotes the
set of points visited by the walk up to time k. T, = inf{k > O; n; = x} is the first hitting time
of site x € Z¢. Now, by the proof of Theorem 2.3 of [4] we know that

1
L1
Eol[(1 — p,ﬁ)ln[o'ml] < efC(p,,,)? IXI7

for every x € Z¢ and L large enough. Combining these estimates with lim,,_.o G,, = G, we
obtain (1.4).
The rest is to prove Lemma 2.2. For this purpose we prepare the following lemma.

Lemma2.3 Letd >3, m>0and0 <A < 1. Forevery § > 0, there exist Lo = Lo(A,5) >0
large enough such that the following holds: for every L > L, there exists No = No(L) and
it holds that

(480212
Py Wiy (L) | Wi, (L)) <& 27
for every N = Nj.
Proof We have only to prove for small § > 0 and take § > 0 which satisfies (ﬁ a2 <

ﬁm. At first, by Griffith’s inequality and Markov property of the field, we can divide Ty
into boxes with side-length 2M by 0-boundary conditions and we have

PN,m(WTN(}»L)) < P]BI,m(WAM()»L))(%)d
< P}, ,,(¢x > —)L for every x € A0,

where P0 . denotes the law of massive Gaussian field on Ay =[-M, M 1 N Z¢ with mass
m and 0- boundary conditions outside A ;. For simplicity we assume that N is divided by M.
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By following the argument of [10, Sect. 3.6], for every « > 0 and é > 0, we can prove that

o

Py (@ > —/alog M for every x € Ay) < exp{—C M~ Tomw %}, (2.2)

for every M > 0 large enough, where C > 0 is a constant independent of M and m. We
choose now M = eémz. Then, AL = \/alog M and we have

P, (Wi, (AL)) < exp{—CM"~ 2w~ (30"
< exp{—CNdef(ﬁJ”msz}’

for L, N large enough (N depends on L).
On the other hand, by Griffith’s inequality and Gaussian tail estimate, we have

PywWry (L) = [ Pym(¢el <L)

xeTy

L2
=1 [1 B exp{_z\/arm @) ”

xeTy
L2
4 —LE
> exp{—CN%e 2Gm }.

Collecting all the estimates, we obtain

2
PywOVry (WL) Wiy (L)) < exp{—CN4e™om "1 | c N9 36 )
< exp(—CNYe o L),
for L and N large enough (N depends on L). 0

Remark 2.1 The proof of the estimate (2.2) is non-trivial and this is given along the proof
of entropic repulsion for massless field. Since we consider massive Gaussian field, hyper-
contractivity (cf. [3, Proposition A.18]) would be a powerful tool. However, if we apply
hypercontractivity, we obtain the estimate (2.2) with the constant C = C(m) depending on
the mass m and this constant goes to 0 as m — 0. Therefore hypercontractivity does not
help the proof of (2.2).

Proof of Lemma 2.2 Take 0 < & < % and 0 <y <1 —¢. Then,

1

2 TN 1
qlf,m = /PN,,,, (d)f +— n 1[ < L? for every x € Ty | WTN(L)> N wi(de)
’ m

1
:/ l(m2+])L2e—%(m2+l)L2/
0 2

1

X Py (9> < L*(1 — 1) for every x € Ty|Wr, (L)) V1 dt

1—¢
<1 _/ ¢ l(mz + 1)L2e—%(m2+l)L2f
y 2
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1

x {1 = Py (¢7 < L*(1 — 1) for every x € Ty|Wr, (L)) V1 }dt
=1- J,sym.

By Lemma 2.3, for every é > 0 there exist Ly = Ly (e, §) > 0 such that the following holds:
for every L > L, there exists Ny = Ny(L) and it holds that

c=L? o ~(pg+8)1-nL?
Py (@2 < L*(1 —1t) for every x € Ty|Wry, (L)) ™V <e™° ’
for every N > Ny and every 0 <t < 1 — ¢. Then, we have
l1—¢ 1 ,
! —(Tm-%—z?)(l—r)L
116,m = / E(m2 + 1)L26—%(m2+1>L2t{1 L T i
¥

1—¢
(A 2 1 12 2 1 2
S Ce (L / E(mz+ 1) L2~ S+ g 0121
Y

for every L, N large enough. The integral in the right most side is bounded form below by
C L% €7’ Hence we obtain the result. O

Remark 2.2 By this proof, we can also obtain the exponential decay of the correlation:

limsup E "% [¢,¢,] < G exp{—e ™16 L |x — y},

m—0

for every x, y € Z¢ and L large enough.

Remark 2.3 We have a trivial estimate
1 2 2
5(m“+1)L
' 0

which holds for every d > 1. By this estimate and the argument of Sect. 4 of [2], we can
prove the exponential decay of correlations and the lower bound of mass also for the case
d = 2 with the mass e~ O, However, this asymptotics of mass differs from the result of
[5] (they stated that mass behaves as e °® when d = 2).

To obtain the mass lower bound e~ 2% for d = 2, we need to show the estimate such
as limsupy_, ., g, <1 —e 9" and this can be proved once we know the precise asymp-
totic behavior of Py(Wy (L)) (or Py, Wy (L)) with small m > 0) as N — oo with the
order e~?), But this has not been obtained yet. The current best estimate is that

148 1 _1=8
e V& f_WIOgPN(WN(L))fe e

for every § > 0 and L, N large enough (N depends on L), where g = % This can be shown
by applying the argument of [13] to the case of d = 2.

In the case of d = 1, we can show the mass lower bound by O(L~2) instead of
¢~ This follows from the same argument to the proof of Theorem 1.4 and Lemma 4.4
of [11].
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3 Upper Bound of Mass
In this section, we prove the upper bound of mass (1.5).

Stepl At first, we estimate the summand of Lemma 2.1 from below.

I = / M%(Wf)

"‘Nm

2
— / Pym <¢§ + o Ve =L forevery z € R() | WTN(L)>

X 1_[ Mn(z,0) dyr,)

zeR(w)
= l_[ /PNm<¢ +— lﬁ SL2>Mn(z,w)(de)
zER(w)
= T Pon @92+ v =22
\m n(z,w) z m2 +1 z = B
zeR(w)

where the first equality follows from the definition of u, and the inequality follows from
Griffith’s inequality. Therefore we can decompose 1, into a product of integrals of one site
marginal. Combining this estimate with the random walk representation, we obtain

11//Z§L2>.

E™Nm[gogy [Wr, ()]

2
= Z<2d(m2 1)> Z 1_[ PN,m ®/J-n(z,w) ((PZZ + mz T

w ()~>r Z€ER(w)

By taking the limit N — oo,

EF%n oy ]
1 k
> ,;(mz—“) Eo [1;[] aEm(z, o) (e = x)}

{ k
> Z(mz——i-l) Eo[ l_[ qp (n(z, o) | M =X]Po(nk =X),

k>0 2€N[0,k)

where anl (J) =Poon @ (¢§ 2+1 Yo < L?). Note that Py, converges weakly to Pog
as N — oo and Py, is translation invariant. Restricting the summation to the special choice
of k, to be specified later on, we get

log E*%n [gop, ]

zklog 57

+10gE0[ [1 a0 mo) [ n =X} + log Po(n = x). (3.1

ZEM[0,k]
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Step2  We estimate the second term of (3.1). By Jensen’s inequality

J = log]Eo[ 1_[ s (n(z, o) | M ZX]

ZEM[0,k]

= IE30|: > loggh(n(z. mo)) | =X]

ZEMN[0,k]

= EO[Z Ri(/)1ogq, () | nx =x}

Jj=1

=Y EolRe(j) | m = x1log g, (),

Jj=1

where Ri(j) = Ri(j, nos) = 8{z € Z%; n(z, noxy) = j} denotes the total number of sites
where the simple random walk visits exactly j times in the first k steps.
Now, we estimate ¢Z(j) from below

2
HOE oom®uj<¢o 2+]1/fo§L2)

Poo L 2 2
=E"™m il Yo < E(m +D(L* = ¢2) )I(Igol < L) |.
Since E*i[e?Y0] = (ﬁ)/ for every 0 < 6 < 1, for given ¢ with |¢| < L, we have
Lom? 2 _ g2 N g
M I/fofi(m + DL —¢p) | =1—e2 "\ 1)
and this yields

q;n(]) oom(|¢0| <L)

J
7%@2“)“2(1 19) EPsmnex 0% [ gy < L)),

‘We choose now § =6, = . Then direct calculation shows

1
m?+1)Gp

1,2 2 2L
E Poom [ej(m +D0n¢ 1 <L) = ,
(Il =DI= 75

and combining these estimates with Gaussian tail estimate, we get

L. 2l 1Y
ORI (A e

where p(L) represents a positive polynomial w1th respect to L and this may change place

to place in the paper. For fixed § > 0, if j < [%Lz] = [k L?] then

L2 1 J 1572
e %m ( ) < e 297
1—6,
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and hence we obtain

L. EVERVARS BN
qn(J) Z expy—p(L)e 20m | < ; (3.2)
for L large enough in this case. On the other hand, for every j > 1 we have
1 2 1
Lg: 2 2 2
G (J) = Poom <¢o = EL )M<m2—+1% < EL )
>(1— e—%)efi(mu»l)Lzeijlogj

2 . .
> e—CL e—C/logj’ (33)

for L large enough, where we used a rough estimate

-t a’l
- dt>e“—, a>0.
(= D! J!

uj(wosa)=/ e’
0

Using estimate (3.2) for j < [« L*] and (3.3) for j > [k L?] + 1, we obtain

L2 1 /
=Y EO[ka|nk=xl{—l’(“€_m(1_e ) }

J=lkL?]

+ D EolR(j) | me=x){—p(L) = Cjlog j}

J=[kL2]+1

=J +J.
Now we have the following lemma. The proof is given in the end of this section.
Lemma 3.1 Let {n,},>0 be a simple random walk on Z¢. If d > 3, then there exists a con-

stant C > 0 such that for every a > 0 large enough there exists ro(o) > 0 and it holds that
for every x with |x| > ry and j > 1, we have

1 .
EEo[Rk(j) lme=x]<C(1—y)y™,

where we set k = [a|x|] and y =Py(n, # 0 for every n > 1). Also, if d > 5 then we have

Y EolRy(NI (=21 < C(1—y)/ ™",

n=1

foreveryx e Z¢ and j > 1.

Remark 3.1 For a simple random walk on Z“, d > 3, without pinned condition, it is well
known that %Rk(j) — y2(1 —y)/ ' ask — oo a.s. (cf. [7] and [12]).

For o = a(L) which goes to co as L — oo, set k = «|x| (we will choose « later.) Then
for every L large enough and x € Z¢ with |x| large enough (|x| depends on L), we have
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12 g
EDY c<1—y)f*‘alxl{—P@)e_m(l—lem> }

j<leL?]

2 1— j—1
> —alx|p(L)e 6 Y 4 )

j<leL?]

12

— 2
> —alx|p(L)e” 2m (B0,

where B,, = ll%gym O = m — & asm — 0 and it is well known that Gy = 1. There-

fore B,, — 1 as m — 0 and we obtain that for every § > 0 there exists L > O such that for
every L > Ly,

1 2
Jk] > —a|x|ei<ﬁ7‘m , (3.4)

for every x € Z¢ with |x| large enough and m > 0 small enough (|x|, m depend on L).
For JZ, we have

Bz Y Cl—y) lalxl{-pL) - Cjlog j}
jzlkL2]+1
> —alx|p(L)(1 — )KL

1 1 2
By the definition of k, we have that (1 — 6,,)*L°H! < ¢~%6w ~29L" Combining these esti-
mates with the fact that 6,, — y as m — 0, we obtain the same estimate as (3.4) for sz.

Step3  For the third term of (3.1), we use the following lemma.

Il
n

Lemma 3.2 ([4, Proposition B.2]) There exists ay > O such that for = < ay,

1 1 X
Po(n, = x) = +0(— —nI(=)4¢,
o0 =) ((2nn)%,/detg(g) <n"’%>)CXp{ " (n>}

where Q(§), || < ay, are d x d-matrices, depending analytically on & and satisfying
Q0) = 514. 1(¢), |&| < ao, also depends analytically on & and satisfies VI(0) = 0,
V2I0)=dl,.

Then for k = a|x| with « = «(L), L large enough, we have that

C X
log Po(nr = x) zlog{ i exp{—a|x|l(—>”
(alx))? alx|

ok
> —CZ (1 +o(1)),
o

where o(1) represents a term which goes to 0 as |x| — oo.
Collecting all the estimates,
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1
lim sup lim sup { = log EPn [PoPikz1] }

m—0 k—o00

. . 1 1 (L —sy12 k
< lim sup lim sup % aklog —+ Cake ‘26 + C—(1+4+0(1))
m—0  k—>o0 m?>+1 o

o

for every z € S! and L large enough. Finally by taking & = e3>, we obtain (1.5). O

Remark 3.2 Since we do not need reflection positivity, this argument works well also for the
case of m = 0, the original massless Gaussian field (with 0-boundary conditions). We gave
the proof of the case with periodic boundary conditions and small mass for the consistency
with the lower bound.

Proof of Lemma 3.1 Let Tx(o) =0,T = inf{n > TI™D: N, =x} (j > 1) be the j-th hitting
time of site x € Z¢. For j > 1 and x € Z¢, by Markov property, we have

Eo[ Ry (j)1 (1, = x)]
=Y BT <n, T > n, 5, = x)

yezd

=3 Y P =9)Po(Ty ™ =g (x — )
yeZd 0<s+t<n

=Y P =0 Y P = 5)gu i (xr — ).
0<t<n yezd 0<s<n—t

where g;(x) =Py(n, #0 forevery 1 <n <[ —1and n, =x). Also,

DY BT =5)gus(x—y) = Y Po(TV <n, TP > n,m, =x)

yezd 0<s<n yezd
= Eo[R, (D)1 (n, = x)]
=< n]P)O(nn :)C).

Therefore, we have

EolRy (NI =2)1= Y (n = OP(Ty’ ™" = )Py(na—s = x). (3.5)

0<t<n

Now, set k = [a|x|]. We show that there exists a constant C > 0O such that for every
o > 0 large enough there exists ry = ro(a) > 0 and it holds that Py(1; = x) < CPy(ny = x)
for every x with |x| > rg and [ <k = [«|x]|]. At first, take o > % large enough where ay is a

constant in Lemma 3.2 and consider the case that .- < ¢ < 1. By applying Lemma 3.2 for
Py(n; = x) and Py (1, = x), we have

Po(n; = x) X X
Po(nx = x) = Cexp{—ll<7> +kl<£>}

<C.
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Note that all (ax) < %I (bx) for every 0 < a < b and x since / is a convex function and
1(0) = 0 (cf. the proof of Proposition B.2 of [4]). The case of small % easily follows from
LDP estimate for IPy(1; = x) and Lemma 3.2 for Py(n;, = x). Hence we obtain

EolRe()I (e =x)1 < C Y kPo(Ty'™" = )Py (ni = x)

0<r<k
< CkPy(T ™" < 00)Po (i = x)
= Ck(1 —y)! " "Po(np = x).

Also, by (3.5)

D Bl R (NI =0)1< Y Y (n=0)P(Ty’ ™" = )Py(n,, =)

n>1 n>10<t<n

= Z{ > Po(ry =n— f)}f]P’o(m =x)

t>1 “n>t+1

<A =p) 7)Y 1Py, =x).

t>1

By local central limit theorem, Z,zl tPy(n, =x) <C <o0ifd>5. O

4 Variance Estimate
In this section, we prove the variance estimates (1.6) and (1.7).

Proof of (1.6) Equation (1.6) easily follows from the proof of (1.4). By (2.1), we have

|o]
ENm(¢0)*Wry (L)] < Z’( ) (qg )"

:0—0

, 1 !
< gk E L
=dNm = <2d(m2 + 1))

2d(m* + 1)

Also by random walk representation,

PNYm 2 , 1 2]l
EPr[(@0)]= ) (72d(m2+1)) :

:0—0

Therefore,

PN 2 _ Py 2 L _ ! 1 )wl
E™Vn(¢0)* Wiy (L)] = EP¥7 [(¢0)*] < (qf, 1)%{)(7&1%2 ) -

By taking the limit N — oo and Lemma 2.2, we have
EP%n[(¢0)*] - Gy < —Ce™ T DL

for every L large enough. Finally by taking the limit m — 0, we obtain (1.6). ]
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Proof of (1.7) At first, by Lemma 2.1,

E™Nm[(9)*] — E™Nm[(g)* Wiy, (L)]

=L

/ 1 )wlf SNm T uNmmz_Hw)
= PV T = Mo (dr)
X (awn) [
> (wren)
:0—0 Zd(mz + 1)

2 2
X PN.m ¢Z+m2+l

‘We estimate that

TE/PNIn<¢+
—/P $+—
- N.,m 7 m2+1

X l_[ Hn(z.o)(@VP2)

zeR(w)

> /Pan<¢ +

zeR(w)

D Pun ® e | 97+ 2
sm n(z,0) 4 m2+1

zeR(w)

Y, > L* for some z € Ty | Wr, (L)>Mw(d¢)-

llﬁz > L* for some z € Ty | Wr, (L))Mw(dlﬁ)

. > L* for some z € R(w) | Wr, (L))

IA

lwz > L?| WTN(L)>MZ.@ (dy.)

IA

V. > L2>,

where the last inequality follows from Griffith’s inequality. Combining these estimates, we
obtain

EENm [(¢0)2] — EPNm [(¢0)2|WTN (L)]

o]
2

Py ® o | 67 .>L°

_wOX:U<2d(m2 1)> 7€RX(£)) " ®M(Z’)<¢Z+m2+lw“> )

oo

= <2d(m —|—1)> Z Z PNm®,an(7m)<¢ 4+ ¢2>L>

w: Or>0 ZER(w)
Taking the limit N — oo,

EPn[(¢9)?] — E % [(¢0)*]

=/ 1
: k_1<m2+1> EO[ D Tz o) (= 0)]

ZEM[0,k]
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ook
Eo| DY Re())an(HI (e =0)

k=1 j=1

IA

o]

j=1

k=j
where GL(j) = Poon ® 1j (g + - +1 —2 o > L?), j € N. By using Lemma 3.1 we have
o0

B (g0 = ESeli60?) < 3200 = yY )

and by the proof of (3.2), we know that
1 J
GL() <\ p(Lye mm Al
1—6,
1

where 6,, = GAnc. The conclusion follows from the similar argument to the proof
of (1.5). |
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